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About Me

B ANCHOR'H Anchor Modeling TDWI Presentation
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The presentation held at the TDWI 2007 European Conference.
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Figure 4. Continuous Time-Lapse Imaging with RESOLFT Reveals Spontaneous Rearrangements of Actin-Labeled Dendritic Spines on
Short- and Long-Term Time Scales

http://www.anchormodeling.com/wp-content/uploads/2007/11/Anchor Modeling with notes.pdf
https://www.cell.com/neuron/pdf/S0896-6273(12)00719-2.pdf
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The Nobel Prize in Chemistry 2014

Eric Betzig
Stefan W. Hell
William E. Moerner
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About Stefan

Stefan W. Hell

Stefan W. Hell
The Nobel Prize in Chemistry 2014

Born: 23 December 1962, Arad, Romania
Affiliation at the time of the award: Max Planck Institute for
Biophysical Chemistry, Gottingen, Germany, German Cancer

Research Center, Heidelberg, Germany

Prize motivation: "for the development of super-resolved
fluorescence microscopy.”

Prize share: 1/3

© Nobel Media AB. Photo: A.
Mahmoud

Life

Stefan Hell was born in Arad, Romania. His father was an engineer and his mother was a teacher.
When Hell was 16, the family emigrated to Germany and after studies in physics at the University
of Heidelberg, he received his doctorate in 1990. After a few years at the European Molecular
Biology Laboratory in Heidelberg, the University of Turku in Finland and Oxford University in
the UK, he moved to the Max-Planck-Institut fiir biophysikalische Chemie, in Gottingen,
Germany, where he has worked since 1997, and at present he also works at the German Cancer
Research Center in Heidelberg.

Team

History

Abberior Instruments GmbH was founded in 2012 by Dr. Gerald Donnert, Dr. Alexander Egnel
Prof. Dr. Dr. h.c. Stefan W. Hell, Dr. Lars Kastrup, Dr. Matthias Reuss and Dr. Andreas Schonle. Tt
off from the Max Planck Institute of Biophysical Chemistry in Géttingen and the German Cancer Research Institute in
Heidelberg. The companies’ headquarters are based in the Laser Laboratorium Gottingen located on the north
campus of the University of Géttingen, Germany. Three more company locations are in Heidelberg (Germany), Basel
(Switzerland) and in Jupiter (Florida, USA).

Why work with us?

+/ Connect with the inventors of STED and RESOLFT

W/ Get the best possible resolution performance

/ Tested for the unexpected: 3000 km on the highway during our Summer Roadshow 2014.

+/ Want an upright STED microscope? We customize your system to your needs!

+/ Short development cycles: stay cutting-edge with your Abberior Instruments microscope.

/ Why buy an outdated confocal or widefield microscope when you can get the latest superresolution technology
for the same price?

https://www.nobelprize.ora/prizes/chemistry/2014/hell/facts/
https://www.abberior-instruments.com/company/about-us/
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Lars Ronnback:

+Inunserem Beitrag Temporal Dimension Modeling haben wir das Konzept ,Twine" vorgestellt.

Ein ,Twine" ist ein effizienter, auf Mengen basierender Algorithmus, der angewendet werden kann,
wenn Sie eine Tabelle haben, in der Sie eine Historie der Anderungen aufgezeichnet haben,

und eine andere Tabelle mit zugehorigen Zeitpunkten, fir die Sie wissen mochten,

welche historischen Zeilen zu diesen verschiedenen Zeitpunkten wirksam waren."

Ubersetzt mit www.Deepl.com/Translator

http://www.anchormodeling.com/%e2%qq%ab-lets-twine-again-%e2%9qq%ab/



http://www.anchormodeling.com/%e2%99%ab-lets-twine-again-%e2%99%ab/
https://www.researchgate.net/publication/330798405_Temporal_Dimensional_Modeling
http://www.deepl.com/Translator
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Und ein Anker zwischen Fakten und Dimensionen - Macht das Sinn?
Temporal Dimensional Modeling (Temporal_Dimensional_Modeling_revs)

Dimension_Mutable

1.n =
~> dim_ID
dim_ValidFrom
dimProperty

Dimension_Immutable

.| dim_ID ‘
Fact
dim_ID T
factDate

(dim_ValidFrom)

factMeasure

Figure 9: Dimensional model, with the in this paper
introduced temporal dimension, along with
an optional “valid from” column in the fact
table.



* Eine der gangigsten Techniken fir die Modellierung von Data Warehouses ist
und bleibt die dimensionale Modellierung.

« Wie urspringlich definiert, hatte es keine Konstrukte, um Anderungen aufzuzeichnen,
und bot nur die aktuelle Sicht auf die verfigbaren Informationen.

« Seit seiner EinfGhrung und von steigenden Anforderungen bis hin zur Erfassung von Anderungen
wurden verschiedene Ansatze zur Bewaltigung von Veranderungen vorgeschlagen,
hauptsachlich in Form von sich Slowly Changing Dimensions verschiedener Art.

* Dieses Papier wird zeigen, dass jede bestehende Art von Slowly Changing Dimensions
zu unerwinschten Anomalien fUhren kann, entweder beim Lesen oder beim Schreiben, was sie
ungeeignet fUr den Einsatz in leistungskritischen oder nahezu echtzeitnahen Data Warehouses macht.

 Stattdessen, basierend auf aktuellen Forschungen zur Modellierung zeitlicher Datenbanken,
fuhren wir zeitliche Dimensionen ein, die Fakten und Dimensionen zeitlich unabhangig machen
und daher unter keiner der genannten Anomalien leiden.

* Inunserer Forschung haben wir auch ,Twine™ entdeckt, ein neues Konzept,
das die Leistung beim Laden von Dimensionen deutlich verbessern kann.

* Code-Beispiele sowie Abfrageergebnisse, die die positive Wirkung der Implementierung
zeitlicher Dimensionen im Vergleich zu Slowly Changing Dimensions zeigen,
werden ebenfalls vorgestellt.

Ubersetzt mit www.DeepL.com/Translator

https://www.researchgate.net/publication/330798405 Temporal Dimensional Modeling
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-------------------------------------------- TEMPORAL DIMENSION =--csmnnsmmmmmmmmemem oo cceooceee
create table Dimension_Immutable (

dim_ID int not null,

primary key (dim_ID asc)

)i

create table Dimension_Mutable (
dim_ID int not null,
dim_ValidFrom smalldatetime not null,
dimProperty char(42) not null,
foreign key (dim_ID) references Dimension_Immutable (dim_ID),
primary key (dim_ID asc, dim_ValidFrom desc)
) on Yearly(dim_ValidFrom);

create table Fact (
dim_ID int not null,
factDate smalldatetime not null,
factMeasure smallmoney not null,
foreign key (dim_ID) references Dimension_Immutable (dim_ID),
primary key (dim_ID asc, factDate asc)
) on Yearly(factDate);

https://github.com/Roenbaeck/tempodim/blob/master/ooA%20Temporal.sql
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CREATING A TWINING PARAMETRIZED VIEW
drop function if exists twineFact;

go

create function twineFact (
@fromTimepoint smalldatetime,
@toTimepoint smalldatetime

)
returns table as return
select
in_effect.dim_ID,
in_effect.factDate,
in_effect.dim_ValidFrom
from (
select
twine.dim_ID,
twine.Timepoint as factDate,
twine.Timeline,
MAX(case when Timeline = 'D' then Timepoint end) over (
partition by dim_ID order by Timepoint
) as dim_ValidFrom
from (
select
dim_ID,
factDate as Timepoint,
'F' as Timeline
from
dbo.Fact
where
factDate between @fromTimepoint and @toTimepoint
union all
select
dim_ID,
dim_ValidFrom as Timepoint,
'D'as Timeline
from
dbo.Dimension_Mutable
where
dim_ValidFrom <= @toTimepoint
) twine
) in_effect
where
in_effect.Timeline = 'F;
go

https://github.com/Roenbaeck/tempodim/blob/master/ooA%20Temporal.sql
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Alles klar?

Vielen Dank fUr die
Aufmerksamkeit

Linkedmsﬁﬁ https://www.linkedin.com/in/oliver-cramer/
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